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ABSTRACT

Recording the times of dosage administration and serum sampling by trained
personnel resulted in significantly greater adherence to the protocol of therapeutic drug
monitoring and in significantly greater precision in the achievement of desired serum
concentration goals of aminoglycoside therapy than when relatively untrained personnel
recorded it as a relatively unemphasized part of their job. This was true even when only data
of peak and trough serum concentrations was used. This study demonstrates that thoughtful
data collection by appropriately trained nursing, pharmacy, or other clinical personnel is an
essential part of therapeutic drug monitoring and plays a significant role in the optimal
individualization of drug dosage regimens for patient care.

INTRODUCTION

Despite the introduction of several new classes of antimicrobial agents, the
aminoglycoside antibiotics are still recognized as first line therapeutic agents in the
management of severe Gram-negative sepsis [1]. It has been shown in severa studies that
the peak serum concentrations achieved with aminoglycoside therapy correlate with
therapeutic response and outcome [2,3]. Toxicity of these agents is determined primarily by
the accumulation of the drug in the body [4]. Wide intra- and inter-individual variability of
the pharmacokinetic parameter values of these antibiotics make the design of optimal dosage
regimens difficult for patients with normal or impaired renal function [5-7]. Aminoglycoside
use has been limited by its potential ototoxicity and nephrotoxicity [8]. Results of studies
whose goal was to predict toxicity have either been equivocal, not reproduced, or not widely
accepted [9-14].

Individualized drug dosage for aminoglycoside therapy now enables one to reduce
toxicity [15]. Furthermore, it has been shown that if used with the appropriate methodology,
therapeutic drug monitoring is effective in keeping serum concentrations of aminoglycosides
within desired ranges, increasing the proportion of patients having effective peak serum
concentrations [4,16,17], and in reducing length of hospital stay with a potential cost-saving
per patient [18-22].

Monitoring of aminoglycoside therapy can be performed with several different
methodologies:

1. Measuring Serum Drug Concentrations. When used without appropriate expertise
or software for drug concentration interpretation and modeling, therapeutic drug monitoring
based only on raw data of serum concentrations is often ineffective [17].

2. Predictive nomograms [23,24].

3. Linear least squares regression [25].

4. Nonlinear least squares regression [26].

5. Maximum a posteriori probability (MAP) Bayesian fitting [27,28].

For aminoglycoside therapy, the MAP Bayesian method is a rapid and accurate mean
of individualizing dosage requirements for patients with diverse pharmacokinetic profiles



[29]. Prediction (and therefore control) of subsequent aminoglycoside serum levels is more
precise with Bayesian than with the other methods above [28,30-32]. Moreover, the
Bayesian technique has the advantage of requiring fewer (as few as one) serum
concentration measurements [33].

Bayesian Fitting for designing individualized dosage regimens to achieve desired
therapeutic goals requires the following:

1. Information from clinical descriptors of patient physiology such as body weight,
renal function, or cardiac index, data of the administered doses, the starting and stopping
infusion times, and the times that serum samples were obtained.

2. Population pharmacokinetic parameter values and their associated errors.

3. Results of the measured drug concentrations and their associated errors.

4. The clinical decision concerning the selection of the appropriate individualized
therapeutic goals to be achieved for each patient [34].

It has been shown by Monte-Carlo methods [35], during experimental studies [36],
by population pharmacokinetic studies [37], or during routine clinical drug monitoring [38,39]
that nonpharmacokinetic and nonclinical factors in the patient’s therapeutic environment can
affect both the precision of the patient’s estimated pharmacokinetic parameter values and
the precision with which the desired serum drug levels can be achieved.

The goal of the present study was to compare the predictions of future amikacin
serum levels made during two separate studies whose major difference was the method and
care with which the clinical data were collected. In one study the clinical data was collected
by atrained pharmacy resident; in the other, by pharmacokinetically untrained nurses.

METHODS

We performed a nonrandomized retrospective comparison of predicted serum
amikacin concentrations based on Bayesian fitted pharmacokinetic models where the data
collection was obtained under two different sets of circumstances.

STUDY 1: RESIDENT COLLECTED DATA (RCD) GROUP: In this group, prospective
data collection was done by a trained pharmacy resident specially assigned to this work.
Data for the prospective study arose from a multicenter trial of the clinical efficacy and safety
of amikacin in elderly patients. The predictive performance of this study has been previously
presented [40].

Ten patients in that study were from our center. Dosage adjustments were
performed during therapy using the MAP Bayesian method [41]. For this group of patients,
from Monday to Friday from 8:30AM to 6:30PM, and on Saturday from 8:30AM until 12:00
noon, information about drug therapy, administered doses, start and stop infusion times and
serum sampling times were ordered and collected by a resident specially trained in and
assigned to this work. No serum levels were obtained during the week-end. During the
night shift and on the week-end, the administered doses and the start and stop infusion
times were recorded by nurses.



STUDY 2. NURSE COLLECTED DATA (NCD) GROUP: In this group, prospective
data collection was done by the nurses as part of their usual nursing duties. They had no
gpecial pharmacokinetic training. This group of subjects consisted of 23 elderly patients
treated with amikacin after the end of the RCD study described above. Information about
drug therapy was collected by the nurses, and data was transmitted to the pharmacy along
with the blood samples. Dosage adjustments were performed using the same MAP
Bayesian method. No serum levels were obtained during the week-end. The results of this
study have also been presented elsewhere [42].

For both groups, either the resident or the nurses were asked to collect four serum
levels for the first set, one just before the infusion, one at 1/2 hour after the end of the 1/2
hour infusion (or at 1 hour after the dose if the dose was given intramuscularly), and one
each at 3 and at 6 hours after the end of the 1/2 hour infusion. Preparation of Amikacin doses
by nurses, and their administration by minibag via gravity flow, both were done under the
same conditions in both studies. For both study groups, each patient had two sets of serum
levels obtained. For both groups, the nurses and the residents each were asked to collect
four serum levels for the first set as described above. For the second set, four serum levels
were also to be obtained, usually 2 to 8 days after the first set, and at the same times as for
the first set. For all patients, there was at least one sample in each set obtained 30 minutes
after the end of the infusion or one hour after intra-muscular injection (the “peak” value),
and one sample just before the next infusion (the “trough” value).

The MAP Bayesian method was used to fit either a one compartment model (B1) or a
two compartment model (B2) to the data of the doses and the first set of serum
concentrations. The fitted, patient-specific parameter values were found. Each patient’s
fitted model was then used to predict prospectively the subsequent serum concentrations
which later were achieved on the subsequent dosage regimen he or she received. The
relationship between predicted (P) and measured (M) serum concentrations was then
examined using a scattergram of the data, by evaluating their correlation coefficient, by
calculating the bias or mean weighted error (MWE), and by computing the precision or mean
weighted squared error (MWSE), respectively as follows:

n
MWE=1x Y (P-M)
n i-1 SDj
n
MWSE=1 x S (P-M)2
n i-1 SDj2

where N is the number of serum levels and SDj is the standard deviation (SD) of each (the
ith) observed serum concentration.

In addition, the percentage of serum levels accurately predicted (%SLAP), defined as
being centered on the predicted concentration + 20% , was determined.



Determination of Amikacin Plasma Concentrations:

Amikacin plasma concentration determinations were performed by the same
laboratory for both studies by fluorescence polarization immunoassay (the Abbott TDx
System). The error pattern of this assay was described by the following polynomial equation:

SD = 0.040987 + 0.021181 C + 0.000087 C2 + 0.000004 C3

where SD represents the standard deviation of a measurement, C represents the
measured serum concentration, and C2 and C3 represent the square and the cube of C.

Data Analysis:

In each study, the frequency distribution of the individual weighted errors, (P-M)
containing their sign, was found to have a Gaussian distribution. The t-test for differences
between the means of two populations was used to evaluate their differences.

However, the weighted squared errors (P-M) 2 are not normally distributed. The
mean weighted squared error (MWSE) for the two groups was therefore compared using the
Mann-Whitney U test. In addition, the percent of serum levels accurately predicted, within
+ 20 percent, (%SLAP) for each group were compared by Chi-squared analysis. When the
expected number in a cell was less than five, the Yates modified Chi-squared test was
performed. A p value of 0.05 was chosen to represent a significant difference between
groups.

RESULTS

As shown in Table 1, we did not observe any significant difference between the two
study groups with respect to sex, age, height, or initial estimated creatinine clearance.
However, there was a significant difference between the two groups in the number of serum
levels obtained for the first set of serum levels. The RCD group had 4 + 0 samples obtained
in the first cluster, while the NCD group had 3.26 £+ 0.45 samples drawn, a significant
difference. Even if one were to assume that the SD in the RCD group were to be as high as
0.5, then, using the T Test comparing the means of two populations and the method for small

samples, T = 4.2, DF = 31, and P < 0.001 [43]. Further, for the same data, but using the X2
test instead, as shown in Table |, X2 = 12.7, and also P < 0.001.

Table 1l shows the correlation coefficient (R) between predicted and measured serum
levels and the Bayesian predictive performance with the one compartment fitted model for
the RCD and the NCD groups. The MWSE was significantly less in the RCD group (64
versus 271 units), and the %SLAP was significantly greater (58% versus 30%).

Table 1l shows the correlation coefficient (R) between predicted and measured
serum levels and the Bayesian predictive performance with the two compartment fitted
model for the RCD and the NCD groups. The MWSE here was also significantly less in the



RCD group (82 versus 329 units), and the %SLAP was also significantly greater (72%
versus 40%).

Tables IV and V show for the RCD group and the NCD group the percentage of peak
(PSLAP) and trough (TSLAP) serum levels accurately predicted in the interval centered on
the predicted concentration = 20%, obtained respectively with the one compartment (B1) and
the two compartment (B2) models. Both PSLAP and TSLAP were greater in the RCD
group, significantly so for PSLAP (80% versus 30%) for the B1 model. For the B2 model,
both PSLAP and TSLAP again were greater in the RCD group, significantly so for TSLAP
(80% versus 26%).

Because there was a significant difference between the two groups in the number of
serum levels obtained for the first set of serum levels, the amount of information available for
each group might be different. Thisfact might influence the Bayesian predictive performance
and thus confound the comparison, as the group with more levels and information in the first
cluster might be able to predict subsequent levels more accurately because of that fact. It
was clear, however, as described above, that the NCD group obtained significantly fewer
serum levels than did the RCD group, and thus adhered to the desired monitoring protocol
significantly less well.

We therefore did another comparison, using only data of peak and trough levels for
each patient in each group. The results of this second comparison are shown in tables VI,
VI, VII, and I X.

Table VI shows the correlation coefficient (R) between predicted and measured
serum levels and the Bayesian predictive performance MWE and MWSE, using the one
compartment (B1) fitted model for the RCD and the NCD groups, now employing only data
of the peak and trough concentrations in the first set of serum levels. As shown, the errors
were al smaller in the RCD group, significantly so for the MWSE (96 versus 367 units), and
for the %SLAP (55% accurately predicted versus 27%).

Table VII shows the correlation coefficient (R) between predicted and measured
serum levels and the Bayesian predictive performance MWE and MSWE, using the two
compartment fitted model for the RCD and the NCD groups, now employing only data of
peak and trough concentrations in the first set of serum levels. Again, the errors were
significantly smaller for MWSE (111 versus 343 units), and for the %SLAP (58% accurately
predicted versus 36%).

Tables VIII and I X show, for the RCD group and the NCD group, using only data of
peak and trough concentrations in the first set of serum levels, the percentage of peak
(PSLAP) and trough (TSLAP) serum levels accurately predicted in the interval of the
predicted concentration £ 20%, obtained respectively with the one compartment (B1) and the
two compartment (B2) models. Both PSLAP and TSLAP were better predicted in the RCD
group, although a significant difference was found only for TSLAP in the B2 group (60%
accurately predicted versus 13%).

DISCUSSION




It has been customary to emphasize the importance of accurately recording when
doses were given, when infusions started and stopped, and when serum levels were drawn.
Indeed, the importance of these nonpharmacokinetic factors in permitting or preventing
precise achievement of clinicaly selected serum aminoglycoside therapeutic concentration
goals was carefully evaluated in arigidly controlled study in which Monte-Carlo simulations
of a typical clinical scenario with tobramycin therapy were analyzed. Inthat study, it was
shown that the ward care setting, in which the recording of data of dosage administration
timing was well or poorly done, was the single most important environmental factor in
permitting or preventing precise control of serum aminoglycoside concentrations to achieve
specifically selected therapeutic goals, having a greater effect on predictions than the
pharmacy (in preparing the doses precisely or not) or the laboratory assay errors [35].

The results of that simulation study are now confirmed and extended by the results of
the present clinical study, which show that when trained personnel are used to record the
data of dosage administration times and serum sampling times, significantly greater
therapeutic precision was obtained in the achievement of the desired therapeutic serum
concentration goals associated with aminoglycoside therapy than when untrained nursing
personnel recorded the data, and more of the serum levels which should have been obtained
were actually drawn. Further, this was true even when only data of peak and trough serum
concentrations was used, rather than the full data set.

CONCLUSION

Recording the times of dosage administration and serum sampling by trained
personnel resulted in significantly greater adherence to the monitoring protocol and in
significantly greater precision in the achievement of desired serum concentration goals of
aminoglycoside therapy than when relatively untrained nurses recorded it as a relatively
unemphasized part of their job. This was true even when only data of peak and trough serum
concentrations was used. This study demonstrates that thoughtful data collection by trained
nursing, pharmacy, or other trained clinical personnel is an essential part of therapeutic drug
monitoring and plays a significant role in the optimal individualization of drug dosage
regimens for patient care.
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Table 1: Patient demographic data for the RCD and NCD groups.

RCD group NCD group |
Sex mae 3(30%) 7 (30.4%)




Female 7 (70%) 16 (69.6%)
Age (yr) 79.1+7.9 81.3+7
Height (m) 1.6+ 0.15 1.6+ 0.08
Weight (kq) 58.8+ 14.4 60.5+ 12.6
Initial estimated
creatinine clearance 419+ 15.6 425+ 15
(ml/mm/1.73m2)
[Number of patients with 4
levels infirst cluster 10* _6*
Number of patients with < 3
evels infirst cluster 0* 17*

All + data are listed as mean values + SD.

* X2=12.7,P<0.001

Table 11: Comparison of Predicted Versus Measured Serum Levels in the RCD and

NCD Groups Using the MAP Bayesian One-Compartment Fitted Model.

RCD NCD p Value*
R 0.94 0.82 -
MWE -3.6 -6.6 N.S. **
MW SE 63.9 270.6 <0.05
oSLAP 58% 30% <0.01

*Comparing the groups

**N.S. = Not significant

R = correlation coefficient

MWE = Mean Weighted Error

MWSE = Mean Weighted Squared Error

%SLAP = percent of Serum Levels Accurately Predicted (within + 20%).



Table I11: Comparison of Predicted versus Measured Serum Levels in the RCD and
NCD Groups, Using the MAP Bayesian Two-Compartment Fitted Model.

RCD NCD p Value *
R 0.96 0.81 -
MWE 2.7 -2.3 N.S. **
MWSE 82.1 328.8 <0.05
%SLAP 2% 40% <0.01

* Comparing the groups

** N.S. = Not Significant

R = correlation coefficient

MWE = Mean Weighted Error

MWSE = Mean Weighted Serum Error

%SLAP = percent of Serum Levels Accurately Predicted (within + 20%).

Table 1V: Percent of Serum Levels Accurately Predicted (within £ 20%) in the RCD
and NCD Groups, Using the One-Compartment MAP Bayesian Fitted Model.

Bl RCD NCD p Value *
PSLAP 80% 30.4% <0.95
TSLAP 30% 13% N.S. **

* Comparing the Groups

** N.S. = Not Significant

PSLAP = Peak Levels Accurately Predicted
TSLAP = Trough Levels Accurately Predicted



Table V: Percent of Serum Levels Accurately Predicted (within £ 20%) in the RCD
and NCD Groups, Using the Two-Compartment MAP Bayesian Fitted Model.

B2 RCD NCD p Value *
PSLAP 70% 43.5% N.§ **
TSLAP 80% 26.1% <0.92

* Comparing the groups

** N.S. = Not Significant

PSLAP = Peak Levels Accurately Predicted
TSLAP = Trough Levels Accurately Predicted

Table VI: New Comparison, Based on Only the Peak and Trough Serum Levels in the
First Set, of the Predicted Versus Measured Serum Levels in the RCD and NCD
Groups, Using the One-Compartment MAP Bayesian Fitted Model.

RCD NCD p Value *
R 0.92 0.80 -
MWE -1.49 -5.79 N.S. **
MWSE 96 367 <0.05
%SLAP 55.6% 27.4% <0.04

* Comparing the groups

** N.S. = Not significant
PSLAP = Peak Levels Accurately Predicted
TSLAP = Trough Levels Accurately Predicted

Table VII: New Comparison, Based on Only the Peak and Trough Serum Levels in
the First Set, of the Predicted Versus Measured Serum Levels in the RCD and NCD
Groups, Using the Two-Compartment MAP Bayesian Fitted Model.

RCD NCD p Value *
R 0.93 0.79 -
MWE 4.66 -1.7 N.S. **




MWSE 111 343 <0.05
%SLAP 58.3% 35.1% <0.02

* Comparing the groups

** N.S. = Not significant
PSLAP = Peak Levels Accurately Predicted
TSLAP = Trough Levels Accurately Predicted

Table VIII: New Comparison, Based on Only the Peak and Trough Serum Levels in
the First Data Set, of the Predicted Versus Measured Serum Levels in the RCD and
NCD Groups, Using the One-Compartment MAP Bayesian Fitted Model.

Bl RCD NCD p Value *
PSLAP 60% 30.4% N.S. **
TSLAP 40% 13% N.S. **

* Comparing the groups

** N.S. = Not significant
PSLAP = Peak Levels Accurately Predicted
TSLAP = Trough Levels Accurately Predicted

Table 1X: New Comparison, Based on Only the Peak and Trough Serum Levels in the
First Data Set, of the Percent of Serum Levels Accurately Predicted (within £ 20%) in
the RCD and NCD Groups, Using the Two-Compartment MAP Bayesian Fitted Model.

I B2 I RCD I NCD | pVaue* |



PSLAP 0% 43.5% N.§ **
TSLAP 60% 13% 0.01

* Comparing the groups

** N.S. = Not significant

PSLAP = Peak Levels Accurately Predicted
TSLAP = Trough Levels Accurately Predicted

REFERENCES

1 Garrison MW, Zaske DE, Rotschafer JC. Aminoglycosides. another perspective.
DICP Ann. Pharmacother., 1990; 24: 267-272.

2. Noone P, Parsons TMC, Pattison JR, Slack RCB, Garfield-Davies D, Hugues K:
Experience in monitoring gentamicin therapy during treatment of serious gram negative
sepsis. Br. Med. J., 1974; 1. 477-481.

3. Moore RD, Smith CR, Lietman PS. The association of aminoglycoside plasma levels
with mortality in patients with gram-negative bacteremia. J. Infect. Dis., 1984; 100: 443-448.

4, Fattinger SM, Vozeh S, Olafsson A, Vicek J, Wenk M, Follath F: Netilmicin in
the neonate: population pharmacokinetic analysis and dosing recommendations.  Clin.
Pharmacol. Ther., 1991; 50: 55-65.

5. Zaske DE, Irvine P, Strand LM, Strate RG, Cipolle RJ, Rotschafer J Wide
interpatient variations in gentamicin dose requirements for geriatric patients. JA.M.A,,
1982; 248: 3122-3126.

6. King CH, Creger RJ, Ellner 10 Pharmacokinetics of tobramycin and gentamicin in
abusers of intravenous drugs. Antimicrob. Agents Chemother., 1985; 27: 285-290.

7. Lacarelle B, Granthil C, Manelli JC, Bruder N, Francois G, Cano JP. Evaluation of a
Bayesian method of amikacin dosing in intensive care unit patients with normal or impaired
renal function. Ther. Drug Monit., 1987; 9: 154-160.

8. Kahlmeter G, and Dahlager 13 Aminoglycoside toxicity: a review of clinica studies
published between 1975 and 1982. J. Antimicrob. Chemother., 1984; 13: (suppl. A): 9-22.



9. Schentag JJ, Plaut ME, Cerra FB, Wels PB, Walczak P, Buckley RJ: Aminoglycoside
nephrotoxicity in critically ill patients. J. Surg. Res., 1979; 26: 270-279

10. Moore RD, Smith CR, Lietman PS; Risk factors for nephrotoxicity in patients treated
with aminoglycosides. Ann. Intern. Med., 1984; 100: 352-357.

11. Lam YWF, Arana CJ, Shikuma JR, Rotschafer JC. The clinical utility of a published
nomogram to predict aminoglycoside nephrotoxicity. JA.M.A., 1986; 255: 639-642.

12. Sawyers CL, Moore RD, Lerner SA, Smith CR: A model for predicting nephrotoxicity
in patients treated with aminoglycosides. J. Infect. Dis., 1986; 153: 1062-1068.

13. Kubota K, Suganuma T, Sasaki T, Ishizaki T: An approach to forecast
aminoglycoside-related toxicity from routinely collected data. Ther. Drug Monit., 1988; 10:
410-420.

14.  Garrison MW, Rotschafer J Clinical assessment of a published model to predict
aminoglycoside-induced nephrotoxicity. Ther. Drug Monit., 1989; 11: 171-175.

15. HoffaD: Seria pharmacokinetic dosing of aminoglycosides. a community
hospital
experience. Ther. Drug Monit., 1989; 11: 574-579.

16.  Bottger HC, Oedllerich M, Sybrecht G: Use of aminoglycosidesin critically il
patients: individualization of dosage using Bayesian statistics and pharmacokinetic
principles. Ther. Drug Monit., 1988; 10: 280-286.

17. Vozeh S: Therapeutic drug monitoring. Clin. Pharmacol. Ther., 1988; 44: 713-714.

18.  Sveska KJ, Roffe BD, Solomon DK, Hoffman R: Outcome of patient treated by an
aminoglycoside pharmacokinetic dosing service. Am. J. Hosp. Pharm., 1985; 42: 2472-2478.

19. Kenneth DC, Nahata MC, Ety J Positive impact of an individualized therapeutic
drug-monitoring program on total aminoglycoside dose and cost of hospitalization. Ther.
Drug Monit., 1987; 9: 306-310.

20. Burton ME, Ash CL, Hill DP, Handy TR, Sheperd MD, Vasko MR: A controlled trial
of the cost benefit of computerized Bayesian aminoglycoside administration.  Clin.
Pharmacol. Ther., 1991; 49: 685-694.

21. Destache CJ, Meyer SK, Bittner MJ, Hermann KG: Impact of a Clinical
Pharmacokinetic Service on Patients Treated with Aminoglycosides. A Cost-Benefit
Analysis. Therap. Drug Monit. 1990; 12: 419-426.



22. Destache CJ, Meyer SK, Rowley KM: Does Accepting Pharmacokinetic
Recommendations Impact Hospitalization? A Cost-Benefit Analysis. Therap. Drug Monit.
1990; 12: 427-433.

23.  Jdliffe RW: Nomograms for kanamycin and gentamicin dosage. Drug Bulletin, Los
Angeles County/USC Medical Center Therapeutic Committee, 1971; 5:1-2.

24. Hull JH, Sarubbi FA: Gentamicin serum concentrations: Pharmacokinetic predictions.
Ann. Intern. Med., 1976; 85: 183-189.

25.  Sawchuk RJ, Zaske DE: Pharmacokinetics of dosing regimens which utilize multiple
intravenous infusions: Gentamicin in burn patients. J. Pharmacokinet. Biopharm., 1976; 4
183-195.

26.  Jelliffe RW: User’s Manual for the PC programs from the USC Laboratory of Applied
Pharmacokinetics, University of Southern California School of Medicine, 1989.

27.  Sheiner LB, Beal SL, Rosenberg B, Marathe VV: Forecasting individua
pharmacokinetics. Clin. Pharmacol. Ther., 1979; 26: 294-305.

28.  Mliffe RW, Iglesias T, Hurst A, Foo K, Rodriguez J Individualizing gentamicin
dosage regimens. A comparative review of selected models, data fitting methods, and
monitoring strategies. Clin. Pharmacokinet., 1991; 21: 461-478.

29. Erdmann SM, Rodvold KA, Pryka RD: An updated comparison of drug dosing
methods. Part 111: aminoglycoside antibiotics. Clin. Pharmacokinet., 1991; 20: 374-388.

30. Burton ME, Brather DC, Chen PS, Day RB, Huber 1] Vasko MR: A Bayesian
feedback method for aminoglycoside dosing. Clin. Pharmacol. Ther., 1985; 37: 349-357.

31 Hurst AK, Iseri KT, Gill MA, Noguchi JG, Gilman TM, Jdliffe RW: Comparison of
four methods for predicting serum gentamicin concentrations in surgical patients with
perforated or gangrenous appendicitis. Clin. Pharm., 1987; 6. 234-238.

32. Maire PH, Dumarest C, Roux D, Chauvet C, Vermeulen E, Courpron P, Brazier J,
Jdliffe RW: Prediction of serum amikacin concentrations in geriatrics. Europ. J. Clin.
Pharmacol., 1989; 36: A64.

33.  Thomson AH, Whiting B: Bayesian parameter estimation and population
pharmacokinetics. Clin. Pharmacokin., 1992; 22: 447-467.

34. Jdliffe RW: Clinical applications of pharmacokinetics and control theory: Planning,
monitoring and adjusting dosage regimens of aminoglycosides, lidocaine, digitoxin and
digoxin. In: Selected topicsin clinical pharmacology and therapeutics. Ed.:R. Maronde, New
York, Springer - Verlag, 1986, 27-82.



35.  Jdliffe RW, Schumitzky A, Van Guilder M: Nonpharmacokinetic factors affecting
aminoglycoside therapeutic precision: A simulation study. Drug Invest., 1992; 4. 20-29.

36. Pleasants RA, Sawyer WT, Williams DM, McKenna WR, Powell JR: Effect of four
intravenous infusion methods on tobramycin pharmacokinetics. Clin. Pharm., 1988; 7: 374-
379.

37. Anta EJ, Grasela TH, Smith RB: An evaluation of population pharmacokinetics in
therapeutic trials. Part Ill. prospective data collection versus retrospective data assembly.
Clin. Pharmacol. Ther., 1989; 46:  552-559.

38. Bosch DE, and Williams DN: Comparison of serum aminoglycoside concentrations
produced by two infusion methods. Clin. Pharm., 1990; 9: 777-780.

39. Zielmann S, Lotterer E, Sussner M, Burchard JH, Bircher J Individualized dosage of
gentamicin: A programmed pocket calculator is useful only when applied properly. Ther.
Drug. Monit., 1992; 14: 125-131.

40. Maire PH, Jelliffe RW, Dumarest C, Breant V, Charpiat B, Vermeulen E, Brazier X,
Courpron P:. Controle adaptatif optimal des posologies. experience des aminosides en
geriatrie. In: Informatique et Medicaments, Ed. Venot A. and Degoulet P. Springer-Verlag -
Paris, 1989, 154-1609.

41. Jdliffe RW, D’Argenio DZ, Schumitzky A, Hu L, Liu M: The USC PC-PACK PC
Programs for Planning, Monitoring, and Adjusting Drug Dosage Regimens. Proceedings of
the AAMI 23rd Annual Meeting & Exposition, Washington, D.C., May 14-18, 1988; p. 51.

42.  Charpiat B: Pharmacie clinique et pharmacocinetique des aminosides: experience de
I"hépital geriatrique A. Charial. Theése pour le Diplome d Etat de Docteur en Pharmacie,
Universite Claude Bernard - Lyon 1, 1989.

43. Bailey N: Statistical Methods in Biology. The English Universities Press Ltd.,
London, 1961, pp 46-51.



